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Abstract 

Every day we are overwhelmed with many choices and options, the same recommendation systems have 

gained in popularity in providing suggestions. Today, each web application has its own recommendation 

system. While the recommendation systems for social networks differ from other types of system, 

because the items presented rational people rather than goods. Therefore, has to be considered "social" 

factor when making a recommendation. We as one of the most popular social networking sites, which is 

Facebook, as it offers impressive features. Here we will mainly recommending to focus with similar 

interests friend who discriminates among all existing where Facebook a friend of a friend approach social 

graph used to recommend a friend who may not be the most appropriate one user settings to friend 

selection real to reflect life. And Netflix, Foursquare recommend all the items on the focus. Friend book is 

a novel semantic-based friend recommends referral system for social networks based on their lifestyles 

rather than the social graph, the friends of the user. Friend book discovered lifestyles of users, measures 

the similarity of lifestyles between users when their lifestyles have a high similarity to friends 

recommends users. Users for daily life is like life modeled documents are extracted from the user 

lifestyles using the algorithm Latent Dirichlet Allocation; Similarity metric to measure the similarity of 

lifestyles between users, user impact in terms calculated to the lifestyles with a friend-matching diagram. 

integrated A linear feedback mechanism that utilizes user feedback to improve recommendation accuracy. 

Keywords: friend book, activity recognition, weighted page rank algorithm.  

 

1. INTRODUCTION 

Social networks can be regarded as a milestone 

in Web history with the advancement in online 

social life. A social network is "a group of 

people (or organizations or other social units) 

connected by a series of social relationships, 

such as friendship, joint working or exchange of 

information." 
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Fig 1: Social Networks 

Social networking sites like Facebook (FB) 

focus on building and reflecting of social 

networks and 

Relations between the Community, similar 

interests. Facebook showed tremendous changes 

in theway how people communicate and are 

connected together. And especially the friends 

based on previous existing relationships are 

recommended and select among them as friends 

as Facebook use of social link analysis under 

which power that already share common friends, 

and recommends symmetrical users as common 

friends, and connect people across the country. 

Which might not be appropriate to recommend, 

since it does not reflect user settings to friend 

selection in real life?Social networking sites 

have huge amount of data from users, according 

to the recent survey. Every single oneSocial 

networking site makes record of the activities of 

the user like his / her likes; which users love? 

Which users do? What is the user's hobby? Etc., 

and it has to understand the user behavior, one 

of the best example of focus we won could 

consider, Facebook in it.In our proposed 

method, we use incremental calculation of Page 

Rank can be implemented step by step (or) 

distributive for large developing graph. In 

addition, we propose a new algorithm, Weighted 

Page Rank algorithm, on popularity of pages of 

distributed based ranking score and we set 

threshold for each edge and it may represent the 

similarity relationship of friend-matching 

diagram. Friend book is a semantic-based friend 

referral system for social networks. Unlike the 

mechanisms friend leave Recommendation on 

social graphs into existing social networking 

services, Friend Book extracted lifestyles of 

user-centered data collected and recommend 

potential friends to users when they share similar 

lifestyles. 

Challenges  

• System to take user feedback into 

consideration to improve the accuracy of 

future recommendation.  

 

• Becoming increasing infeasible when 

size of system becoming very large.  

 

• In this paper, similarity threshold used 

for friend matching graph is fixed. 

 

2. RELATED WORK 

 
E. Miluzzo et al.  [4] enables technology for 

mobile phone sensing to know about human 

behavior and context on mobile phones which 

uses combination of collaborative sensing and 

classification techniques. This is  the first system 

that applies distributed machine 

learningtechniques and collaborative inference 
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conceptsto mobilephones. To achieve 

better interference accuracy we areusing 

collaborative sensing. Machine learning 

techniquesspecifically designed to run directly 

on sensor enabledmobile phones. This paper is 

an automated approach toupdating models over 

time such that the classifiers arerobust to the 

variability in sensing conditions and 

settingscommon to mobile phones. 

 

Advantages  

• The classifiers are robust.  

• The classifier methods are automated to 

update the models.  

• Collaborative inference is implemented 

to achieve better accuracy.  

 

 K. Farrahi et al. [3] investigate probabilistic 

topic models as unsupervised machine learning 

tools for largescalesocio-

geographicactivitymining.Theyproposeamethod

ologybasedonLatentDirichletAlgorithm(LDA)fo

rthediscoveryof dominantlocationroutines.In 

thispapertheyusedtwoProbalisticModelnamelyM

ulti-LevelTopicModelandPairwise–

DistanceTopicModel.First theyproposeaMulti-

LevelTopicModelasa 

methodtoincorporatemultipletimedurationsequen

cesintoaprobabilisticGenerativetopicmodel.Andt

henthey propose thePairwise-

DistanceTopicModelas anapproachto 

addresstheproblemofmodelinglongdurationactivi

tieswithtopics.Overall,thisthesisaddressesInvesti

gationsprincipledonmathematicalmodelsandmult

ipletypesof mobilephonesensordata 

areperformedto 

minereallifehumanactivitiesinlarge-

scalescenarios. 

 

Advantages 

• Used for computing large scale data.  

• Removes the need for coarse time-slot.  

 

T. Huynh et al. [2] develop an 

unsupervisedmethodology based on two 

differing probabilistic topicmodels and apply 

them to the daily life. They haveproposed a 

method to represent location sequences, and 

incorporated this into the LDA and ATM topic 

models.The resulting distributions of words for 

latent topics, aswell as topics given days, and 

topics given users, re-vealhidden structure of 

routines which use to perform varyingtasks, 

including finding users or groups of users 

thatdisplay given routines, and determining 

times. 

 

Advantages 

• Used to compute large amount of data 

easily. 

 

KatayounFarrahiet al. [5] proposed a method 

torecognize daily routines as a probabilistic 

combination ofactivity patterns. The use of topic 
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models enables theautomatic discovery 

of patterns in a user’s daily routine.They 

report experimental results that show the ability 

ofthe approach to model and recognize daily 

routines without user. The conclusion of this 

paper, the approachused is highly appealing for 

the field of activityrecognition. To overcome 

this, they used a techniquenamely unsupervised 

techniques such as clustering. 

 

Advantages  

• Recognizes the daily routines without 

userannotation.  

•  Enables scalability to long term 

recordings ofactivities. 

 

Wenpu Xinget al. [6] present with the 

rapidgrowth of the Web, users get easily lost in 

the rich hyperstructure. Therefore, finding the 

content of the Web andretrieving the users’ 

interests and needs from theirbehavior have 

become increasingly important. In thispaper, 

Web Mining is used to categorize users and 

pagesby analyzing the users’ behavior, the 

content of the pages,and the order of the URLs 

that tend to be accessed inorder. Two Page 

Ranking Algorithm is used namely HITSand 

Page Rank. Both algorithms treat all links 

equallywhen distributing rank scores. Weighted 

Page Rankalgorithm is used to improve the 

performance. The resultsof this simulation show 

that Weighted Page Rankperforms better than 

the conventional Page Rankalgorithm in terms 

of returning larger number of relevant pages to a 

given query. 

 

Advantages  

• Better performance than traditional Page 

Rank algorithm. 

• Identifies a large number of relevant 

pages for a given query.  

• Rank scores are based on the popularity 

of the pages.  

 

3. SYSTEM DESIGN 

This architecture describes how we use incremental 

calculation of Pagerank, can be implemented 

gradually distributing for large developing graph. In 

addition, we propose a new algorithm, Weighted 

Page Rank algorithm, on popularity of pages of 

distributed based ranking score and we set threshold 

for each edge and it may represent the similarity 

relationship of friend matching diagram. 
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Fig 2: System Architecture 

 

4. PROPOSED WORK 

Our proposed system is the problem of 

calculating large amount of data and scalability. 

In our proposed method, we use incremental 

calculation of Page Rank, (or) distributed be 

implemented gradually for large developing 

graph. In addition, we propose a new algorithm, 

Weighted Page Rank algorithm, on popularity of 

pages of distributed based ranking score and we 

set threshold for each edge and it may represent 

the similarity relationship of friend-matching 

diagram. We have also implemented efficiently 

to ensure Hex Converter the password of the 

user. Friend book gives a list of people with the 

highest scores recommendation to the query 

user. Finally integrated friend book a feedback 

mechanism to improve the recommendation 

accuracy. 

 

5.METHOD  

a) Life style modeling  

Lifestyles and activities are reflections of daily 

life at two different levels, which may be on 

daily lifetreated as a mixture of lifestyles and 

lifestyles as a mixture of activities. This is 

analogous to the handling of documents as an 

ensemble of themes and topics as an ensemble 

of words. By using the latest developments in 

the field of text mining, we model the daily lives 

of users and situations, lifestyles as themes and 

activities than words. 

 

b) Activity recognition 

We first need to classify the activities of the user 

or to recognize. Lifestyles are reflected in the 

rule as a mixture of motion activities with 

different probability. Generally, there are two 

mainstream approaches: supervised learning and 

unsupervised learning. In both approaches, 

sophisticated techniques have been developed 

and tested. In practice, the number of activities 

in the analysis is concerned unpredictable and it 

is difficult to collect a large amount of ground 

truth data for each activity, makes the supervised 

learning algorithms unsuitable for our system. 

Therefore, we use unsupervised learning 

approaches to identify activities. Here we take 

the popular K-means for grouping data in 
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cluster-clustering algorithm, each cluster 

represents an activity. Note that motion 

detection is not the main concern of our work. 

Other more complicated clustering algorithms 

can be used safely. We choose K-means for its 

simplicity and effectiveness. 

 

c) Friend matching graph construction 

To the relationships between users that 

characterize in this section, we propose the 

friend-matching curve that represent the 

similarity between their lifestyles and how. 

Affect other people in the image Based on the 

friend-matching chart, we can obtain a user 

reflects affinity, how likely is that user can be 

selected as one other network friend of the user. 

We define a new similarity metric, the similarity 

between two lifestyle measure vectors. Based on 

the similarity metric, we can model the 

relationships between users in real life as a 

friend matching graph. The friend-matching 

graph has been constructed to reflect lifestyle 

relationships between users. 

 

d) User impact ranking 

The impact ranking means to establish 

friendships in the network a user's ability. Once 

the ranking of a user is obtained, it provides 

guidelines for those who received the 

recommendation list, how to choose friends. 

However, the self-ranking should be 

independent from the query user. The ranking 

depends only on the graph structure of the 

friend-matching graph that contains two aspects: 

1) as the edges are connected; 2) how much 

weight, there is at each edge. This can be 

achieved using Weighted Page Rank algorithm. 

 

 

 

6. EXPERIMENTAL RESULTS 

 

 

Fig 3: Home Screen 

 

Fig 4:Similar Friend List 
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Fig 5: Search Image 

 

7. CONCLUSION 

In our existing system, we have implemented the 

Pagerank algorithm for displaying web pages on 

user interest. The major disadvantage of friend 

book is to calculate its inability large amount of 

data. In our proposed method, we use 

incremental calculation of Page Rank, (or) 

distributed be implemented gradually for large 

developing graph. In addition, we propose a new 

algorithm, Weighted Page Rank algorithm, on 

popularity of pages of distributed based ranking 

score and we set threshold for each edge and it 

may represent the similarity relationship of 

friend-matching diagram. 

8.FUTURE WORK 

In the future, Fisher-Yates chaotic can shuffling 

the friend book user identity from public or 

malicious attacker and iterative reweighting of 

least squares (across) is to prevent rapid solvers 

are used to smooth the target function and 

minimized by alternating the variables Update 

and their weights. 
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